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Abstract 
Securities analysts’ pricing forecast for IPOs is the important basis for investors to judge the value of IPOs. Different from 
previous research, this paper focuses on securities analyst pricing forecast, based on the IPOs’ data, estimates a 
simultaneous equations model with securities analysts’ pricing forecast accuracy, dispersion of forecast and IPO premium. 
The results show that: there is a significant negative correlation between securities analysts’ pricing forecast accuracy and 
dispersion, and both of them are affected by analyst following; securities analysts’ pricing forecast accuracy and dispersion 
have a significant impact on IPO premium, which proves the effectiveness of securities analysts pricing forecast behavior, 
and analysts can help investors better value IPOs. 
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1. Introduction 
Securities analysts’ forecast ability has been a topic of much debate among scholars both at home and 
abroad. A large number of researchers discussed securities analysts’ forecast accuracy, information content in 
investment rating and market reaction based on rating data and earnings forecast in analysts’ report database. 
From securities analysts’ practice experience, some securities analyst regularly released price forecast of stock
in addition to earnings forecast and stock recommendations. Compared to earnings forecast and stock 
recommendations, target price forecast have face less attention. However, there are some scholars who had
made academic contributions in securities analyst price forecast, mainly concentrating in information content 
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and accuracy of price forecast, such as Brav and Lehavy (2003), Asquith et al (2005), Bradshaw and Brown 
(2006), Gleason et al (2008), Da et al (2008), Huang et al (2009), Demirakos et al, (2009) Bonini et al (2010), 
Da and Schaumburg (2011) and Kerl (2011). With the development of research area in securities analysts’ 
behavior and IPO premium, some scholars began to pay close attention to impact of analysts’ behavior on IPO 
market, such as Rajam and Serveas Aggarwal et al (1997) (2002), Cliff and Denis (2004), and Bradley et al 
(2005), but these research is based on the perspective of analysts following, earnings forecasts and stock 
recommendations. 
Securities analysts’ price forecasts are usually the result of earnings forecasts and stock recommendations; 
so their information contents are quite rich. Pricing forecast for IPOs is the important basis for investors to 
judge the value of IPOs. Different from previous research, this paper focuses on securities analyst pricing 
forecast, based on the IPOs’ data, estimates a simultaneous equations model with securities analysts’ pricing 
forecast accuracy, dispersion of forecast and IPO premium, which has positive theoretical significance and 
practical significance for study securities analysts’ target price forecast ability based on IPO. 
The other parts in this paper are arranged as following: literature review and research hypothesis, 
methodology, empirical findings and conclusion. 
2. Literature Review and Research Hypothesis 
Securities analysts’ research report mainly includes three predictors: earnings forecast, stock 
recommendations and target price forecast. In general, the first two indicators have long been a focus for 
concern, while target price forecast have face less attention (Ramnath, Rock, Shane, 2008); especially, research 
on the relationship between analyst behavior and IPO is quite rare. 
2.1. Literature Review 
2.2.1. Securities Analysts’ Target Price Forecast 
Scholars paid little attention on analysts’ target price forecast because of investors’ little interest in target 
price forecast (Demirakos et al, 2009).But Brav, Lehavy (2003) and Asquith et al (2005) provided us the 
empirical evidence on the information content of analysts’ target price forecast the earliest still1-2. In terms of 
target price forecast accuracy, Bradshaw, Brown (2006) pointed out that accurate earnings forecast did not 
bring the accurate target price forecast, and the reason for this was economic motives behind the analyst 
earnings forecasts——earnings forecast accuracy directly related with their salary and career. However, there 
are scholars hold different opinions3. Gleason et al (2008) concluded that analysts’ earnings forecast accuracy 
was positive correlated with target price forecast ability after considering the use effect of valuation model4. 
Demirakos et al (2009) also confirmed that the use of DCF model and PE model took an impact on analysts’ 
target price forecast accuracy, and target price forecast accuracy was also influenced by market conditions, 
listing companies, research institutes, etc5. Bonini et al (2010) used Italian stock market data from 2000 to 2006 
and made contributions on developing the measurement of target price forecast accuracy and finding out 
influencing factors of target price forecast accuracy i.e. analysts’ research strength, stock recommendations and 
characteristics of listing companies6. Kerl (2011) used German stock market data between 2002 and 2004 and 
verify influencing factors of target price forecast accuracy, including analysts’ optimism, stock volatility, the 
scale of listing company, and investment bank reputation and so on, but they did not found analysts’ conflict of 
interest problems influenced target price forecast accuracy7. 
 
2.1.2. Relationship between Analysts’ Behavior and IPO 
As extending of research area in securities analysts’ behavior and IPO premium, some scholars began to 
explore the relationship between behavior and IPO premium. Rajam and Serveas (1997) did the earliest 
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research on the relationship between analyst following and the IPO premium, and they found that IPO premium 
had positive influence on analyst following. That was to say higher IPO premium would attract more analysts 
following stock8. In addition, some scholars confirmed that IPO companies would  be purposefully issued with 
low price for a high premium and attracting more attention of analysts and investors due to the issuer’s benefit 
pursuing and benefits transferring with investment bank (Aggarwal et al., 2002; Cliff and Denis, 2004)9-10. But 
Bradley et al (2008) found no evidence that there was related effect between IPO premium and analysts 
following11. 
Chinese scholars had focus on the influence of analysts’ behavior on IPO premium in recent years. Chu, 
Cang (2008) used related data from 2008-2005, and verify the effectiveness of analysts’ pricing forecast. Their 
research suggested that there were no significant statistical differences between analysts’ forecast consistency 
and IPO premium and in analysts’ pricing forecast can be used as a measure of IPO first-day price12. Wang, 
Yao (2009) used IPO samples in small and medium-sized board during 2004 and 2007, and examined the 
influencing factors of analyst attention and the relationship between the residual attention and IPO premium 
after eliminating these factors. They recognized securities analysts’ professional ability and thought IPO 
premium can attract analysts’ attention in the short term; but they did not find the benefits transferring 
relationship between IPO firms and investment bank13. Wang, zhang (2009) used IPO samples from 2001 and 
2007, and analyzed the influence of analysts’ pricing forecast dispersion and investors’ turnover rate on IPO 
premium under the short-sale The research results showed that analysts’ forecast dispersion had a positive 
impact on IPO premium14. What’ more, Yao (2011) used A-share IPO data between 2006 and 2009, and 
studied analysts’ earnings forecast before IPO first-day and IPO premium. They found that analyst earnings 
forecasts before IPO first-day was, those earnings forecasts played a role in market, and optimism level had 
positive effect on IPO premium15. 
The United States regulatory policy does not permit the release of securities analysts’ forecast information 
before and after some time of IPO, so-called ‘Quiet Period’. Therefore, analyst research reports about IPO are 
released after Quiet Period in the U.S, which is inconsistent with the situation in China. Most studies support 
that has analysts’ behavior had promoting effect on the IPO premium, but there are also full of challenge for 
traditional regression model and the effectiveness of relevant conclusion because of complex and dynamic 
characteristics of analysts’ behavior and IPO premium and considering related endogenous problems. 
2.2.  Research Hypothesis 
2.2.1. Securities Analysts’ Pricing Forecast Accuracy. 
This paper assumes that there was no too much difference among analysts’ professional ability pricing 
forecast and their pricing forecast were mainly affected by external factors. As the information intermediary in 
capital market, information channels including public information and private information are important for 
analysts to do pricing forecast. Analysts’ earnings forecast dispersion is often seen as proxy variable of 
the uncertainty of market future earnings (Barron and Stuerke, 1998). That is to say that the greater dispersion 
analysts made, the larger forecast bias was produced. In addition, analysts’ following number is an key 
influence factor when studying analysts’ forecast ability. Many scholars confirmed that the more 
analysts followed some stock, the smaller analysts’ forecast bias for that stock was got (Brown,1997; 
Lee,2000; Shi et al,2007)  We believe that the more analysts followed some stock, the greater IPO 
pricing forecast dispersion was, the higher market uncertainty was,  the larger forecast bias was and the lower 
forecast accuracy was obtained. According to these analyses, we hypothesized that: 
H1: there was positive (negative) correlation between securities analysts’ pricing forecast dispersion and 
forecast bias (accuracy). 
H2: analyst following had positive (negative) impact on pricing forecast bias (accuracy). 
H3: analyst following had positive impact on pricing forecast dispersion. 
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2.2.2. Securities Analysts’ Pricing Forecast effectiveness 
Many scholars have found that securities analysts’ behavior have significant effects on IPO premium, 
many analysts following can provide lots of IPO information and attract investor and help investors to better 
understanding new stock. Chu, Cang (2008) pointed out that consistency of analysts pricing forecast can be 
used as estimates of IPO first-day price. Diether et al(2002)16, Boehme et al(2006)17and Wang, Zhang (2009) 
all used analysts forecast dispersion as a proxy for analysts’ opinion divergence , and they had proved that the 
larger opinion divergence was, the greater market risk was and the higher asset premium was got. What’s more, 
some researches supported that IPO premium positive correlated with analysts following (Rajam and 
Servaes, 1997; Aggarwal et al; Cliff and 2002; Denis, 2004; Wang, Yao, 2009). According to these analyses, 
we hypothesized that: 
H4: Securities analyst pricing forecast bias (accuracy) had positive (negative) impact on pricing IPO first-
day return rate. 
H5: Securities analyst forecast dispersion had positive impact on pricing IPO first-day return rate. 
H6: Securities analyst following had positive impact on pricing IPO first-day return rate. 
3. Methodology 
3.1.  Data and Samples 
We choose IPO listed companies as samples. The data of 521 IPO listed companies and 4870 analysts 
pricing forecast between 2008 and 2010 came from WIND Financial Database, and these companies almost 
cover every industry. 
3.2. Model and Variables 
According to Correlation Test, we found that there was significant correlation (correlation coefficients > 0.5) 
between securities analysts’ forecast pricing accuracy and pricing forecast dispersion. Considered endogenous 
problem, Simultaneous Equation Model is established for test hypothesizes of pricing forecast accuracy and 
pricing forecast dispersion. 
16543210 HDDDDDDD  RISKGROWTHPROFITSIZEFOLLOWDISPACCU                                     (1) 
26543210 HDEEEEEE  RISKGROWTHPROFITSIZEFOLLOWACCUDISP                           (2) 
VOLUMELOTTURNOVERAMOUNTFOLLOWDISPACCUIR 76543210 JJJJJJJJ         
3131211102918 HJJJJJJ  RISKGROWTHPROFITSIZEMRTMRT                                                   (3)   
Variables were defined as follows: 
It was expressed by premium level of closing price (CP) relative to offering price (OP) in IPO first-day. The 
IPO first-day return rate of stock i was formulated in Equation (4). 
 
i
ii
i OP
OPCPIR                                                                                                                            (4) 
3.2.1. The Securities Analysts’ Pricing Forecast Accuracy (ACCU) and Pricing Forecast Dispersion (DISP) 
In terms of pricing forecast accuracy, we reversely measure all analysts pricing forecast bias in same stock, 
which means the smaller the pricing forecast bias among analysts was, the more accurately they forecast. 
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Firstly, the single analyst’s pricing forecast was calculated. Because of pricing forecast range disclosed in 
WIND Financial Database, the range mean is used to express the single analyst’s pricing forecast. Analyst’s 
pricing forecast for stock i was formulated as follows:  
2
L
ij
H
ij
ij
FPFP
FP
                                                                                                                   (5) 
In Equation (5), 
H
ijFP and
L
ijFP  were used to express pricing forecast upper and lower respectively. 
Secondly, pricing forecast and dispersion for single stock were calculated. In terms of the single stock, we 
used analysts’ consistency of pricing forecast which are either the mean of pricing forecast or the median (O 
'Brien, 1988)18. Some scholars thought that there was certain difference between conclusions by use of two 
measuring methods. So, in this paper, the both two methods were considered. The median was chosen to 
equation estimate and the mean for robustness test. At the same time, standard deviation of pricing forecast was 
chosen to measure analysts’ pricing forecast dispersion  
Finally, analysts pricing forecast bias for single stock was calculated. It was represented by premium level of 
closing price (CP) relative to offering price (OP) in IPO first-day. Analysts pricing forecast bias for stock i is 
formulated as follows:  
i
ii
i OP
OPFPBIAS                                                                                                                       (6) 
3.2.2. The Securities Analyst Following Number (FOLLOW)  
We noticed that ‘securities analyst’ in WIND Financial Database is signed with securities research 
department or group, such as ChinaPost Securities, Macro Strategy Group of Guolian Securities, Industry 
Research Group of Everbright Securities, etc.. So, the securities analyst following number was represented by 
the natural logarithm of the sum of the number of corresponding Securities Company for same stock and one. 
3.2.3. The Control Variables of IPO 
Considering that price fluctuation in the IPO first-day may be influenced by Investors’ trade and market 
conditions, we choose relevant indicators to control these effects. The first is issuing scale (AMOUNT) that was 
expressed by the natural logarithm of offering money. The second is the supply and demand of stock market in 
IPO first-day which was expressed by turnover rate (TURNOVER) reflecting investors’ differences of opinion 
in judging stock value and lottery rate (LOT) reflecting investor's identity in the stock value (Wang, zhang, 
2009; Qiu, 2001). The third is trading condition (VOLUME) that was expressed by the natural logarithm of 
trading volumes reflecting trading activity level in IPO first-day. China's stock market is largely driven by 
‘retail investors’ and trading volumes are typical indicators reflecting the individual investor behavior. The 
fourth is the market conditions, including secondary market condition in (MRT1) and before (MRT2) IPO first-
day that were expressed by return rate of Shanghai Composite Index in IPO first-day and cumulative return rate 
of Shanghai Composite Index in 21 days before IPO first-day(Kong, Wang, 2003; Yan,2010)19-20. 
3.2.4. The Control Variables of IPO Listing Companies 
Analysts’ pricing forecast was got by using PE valuation model and DCF valuation model; at the same time, 
investors also cannot leave financial indicators for value judgment. Thus, we choose relevant indicators to 
control the impacts of enterprise features on analysts’ pricing forecast and return rate in IPO first-day. The first 
is enterprise scale (SIZE) which is expressed by the natural logarithm of total assets. The second is financial 
indicators including the total return on assets (ROA) representing enterprise profit ability (PROFIT) and year-
to-year growth rate of operating revenue at the beginning of the year representing enterprise growth ability 
(GROWTH), and asset-liability ratio representing enterprise financial risk (RISK). 
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4. Empirical Findings 
4.1. Descriptive Statistics 
Table 1 show that the average number of analyst following per company fell even though the number of 
IPO sample enterprises during 2008 ~ 2010 and analysts’ IPO pricing forecast increased year by year; 
compared to SEM board and GEM, main board was more attended by securities analyst, which reflected the 
preference of securities analyst following.  
In terms of the main variables of descriptive statistics, the first day returned decline year by year and 
average IPO premium rate was 58.51%. This trend was consistent with conclusion from Xie (2005)21, Chu and 
Cang (2008), but Wang and Yao (2009) found IPO premium rate of SEM Board increased from 2004 to 2007. 
Thus it can be seen that there may be different among all markets. At the same time, securities analysts pricing 
forecast presented the trend of decreasing year by year, which shows analysts’ pricing forecast accuracy 
increased year by year, but dispersion in 2010 and 2009 is higher than it in 2008. 
Table 1. The Number of IPO sample, analysts and analyst following (2008 ~ 2010) 
Market 
2010 2009 2008 
IPO Analyst 
Analyst 
Following 
IPO Analyst 
Analyst 
Following 
IPO Analyst 
Analyst 
Following 
Main 
Board 
26 310 12 9 167 19 6 66 11 
SEM 
Board 
203 1625 8 48 694 14 71 593 8 
GEM 117 900 8 42 515 12 - - - 
Total 346 2835 8 99 1376 14 76 659 9 
Note: ‘Analyst Following’ means ‘the average number of analyst following per company’; all data came from WIND Finance 
Database. 
4.2. Parameter Estimation and Test 
Seemingly Unrelated Regression (SUR) estimation result of Simultaneous Equation Model was shown in 
Table 2. The test results Equation (1) and equation (2) showed that there was a significant negative correlation 
between securities analysts’ pricing forecast dispersion and bias (Hypothesis 1 was valid). On one hand, the 
bigger securities analysts’ pricing forecast dispersion was, the, the greater uncertainty they brought and more 
inaccurate pricing forecast. On the other hand, the bigger pricing forecast bias would prompt analysts’ 
dispersion increased and their different impacts based on enterprise scale. 
According the empirical results, we found that there was a significant negative correlation between analyst 
following and securities analysts’ pricing forecast bias, which was inconsistent with Hypothesis 2. It meant that 
the more analysts followed one stock, the smaller the securities analysts’ pricing forecast bias was and the more 
accurate they forecasted. More analysts following the same stock would fierce competition and full 
interpretation in stock information. Our research proved that analysts following took a significant negative 
impact on pricing forecast dispersion (Hypothesis 1 was valid). However, the relationship between analysts 
following and pricing forecast dispersion was not simple linear. When analysts following got less, the 
increasing analysts would brought bigger dispersion because the more people, the more talk (Chu, Cang 2008); 
But with the further increasing, the dispersion would be eased due to analysts’ herd behavior ˄Tamura, 
2002˅22or full interpretation in stock information. 
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In terms of the impact of securities analysts’ pricing forecast on IPO, pricing forecast bias had a significant 
impact on IPO first-day return rate(Hypothesis 4 was valid), which was consistent with Chu, Cang (2008). But 
there was no evidence that pricing forecast dispersion had a significant impact on IPO first-day return rate. 
What’ more, the results supported analyst following had a significant positive impact on IPO first-day return 
rate (Hypothesis 4 was valid), which was consistent with research conclusion of Rajam, Servaes˄1997˅ǃ
Aggarwal et al˄2002˅and Cliff, Denis˄2004˅. 
In terms of the control variables of IPO, there was significant negative correlation between issuing scale and 
IPO first-day return rate, which was consistent with Chu, Cang (2008) and Yao (2011); It showed that the more 
issuing volume was attractive to investors and it led to stricter information disclosure and lower premium rate; 
turnover rate and lottery rate have positive and negative influence on IPO first-day return rate respectively, 
which was consistent with Wang, Zhang(2009); trading volumes was in negative correlation with IPO first-day 
return rate, which was consistent with Chu, Cang (2008) and Gao (2010);But no evidence proved market 
conditions had significant influence on IPO first-day return rate. Furthermore, IPO first-day return rate of 
enterprise with smaller scale or  higher profit ability were higher than others (Gao, 2010; Wang, zhang,2009), 
while other control variables of IPO listing companies had no significant influence on IPO first-day return rate. 
Table 2. Parameter Estimation and Test 
Variables ACCU DISP IR 
C - - - 
ACCU - 0.2468˄43.2732˅*** 0.0912˄1.8096˅* 
DISP 3.7558˄42.7600˅***   0.0110˄0.0566˅ 
FOLLOW -0.2467(-7.5226)*** 0.0934˄5.4566˅*** 0.1501˄2.9478˅*** 
FOLLOW2  -0.0085 (-1.8336)*  
AMOUNT   -0.1130˄-3.2621˅*** 
TURNOVER   1.1111(10.9319)*** 
LOT   -0.9824˄-2.1352˅** 
VOLUME   0.1207 (3.5036)*** 
MRT1   0.7927(0.6928) 
MRT2   -0.2387(-0.9050) 
SIZE -0.0443 (2.4499)** -0.0111 (-2.4079)** -0.1026(-2.6977)*** 
PROFIT 0.0229˄0.3885˅ 0.0022˄0.1473˅ 0.1601(2.3883)** 
GROWTH 0.3886˄1.9633˅ 0.0560˄1.0321˅ 0.8270(1.1637) 
RISK -0.0253˄-0.2045˅ -0.0064˄-0.1853˅ -0.0458(-0.2631) 
Adjusted R2 0.5728 0.5693 0.3469 
Note: All data came from Seemingly Unrelated Regression (SUR) estimation result of Simultaneous Equation Model. The constant 
term was eliminated. ‘***’, ‘**’ and‘*’ represented significance level of 1%, 5% and 10%. 
 
4.3. Robustness Test 
Robustness testing was used to determine whether the above research conclusion was stable. We used the 
following method for robustness testing (the results were shown in Table 3).  
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First, the absolute value of the difference between the mean of pricing forecast and offering price was 
chosen for expressing the absolute bias of pricing forecast. The findings showed that the significant results of 
the variables and symbols were consistent with the above result, and the explanatory power of the model was 
improved.  
Second, considering the timing may produce sample error, especially for the launch of China GEM, so the 
samples from 2009 to 2010 were chosen to do model estimation. Results indicated that this paper verified the 
above research conclusion were proved, which support the hypothesis 2 and hypothesis 5. Through integrated 
into account, we modified hypothesis 3 and concluded that there was an inverted U relationship between 
analysts following and pricing forecast dispersion. 
Third, endogenous problem was eliminated because of the sample characteristics of this paper. Descriptive 
statistics results shown that the changes among the numbers of analyst following from 008 to 2010 were small 
and we verified that the correlation between analysts following and other variables was not significant 
(correlation coefficient was lower than 0.2).  
Table3. The results of Robustness Test 
Variables 
Replacement of Factor (ACCU) Sample Split(2009~2010)  
ACCU DISP IR ACCU DISP IR 
C - - - 0.0693** -10.7500*** - 
ACCU - 0.2555*** 0.1118** - 6.7709*** 0.4679*** 
DISP 3.6411***  -0.0387 0.0029***  0.0078** 
FOLLOW -0.2199*** 0.0879*** 0.1492*** 0.0172* 10.6608*** 0.1515*** 
FOLLOW2  -0.0083***   -2.3986***  
AMOUNT   -0.1115***   -0.2479*** 
TURNOVER   0.1393***   1.1568*** 
LOT   -0.9793**   -0.4935 
VOLUME   1.3863***   0.1394*** 
MRT1   0.8508   1.1481 
MRT2   -0.2229   0.8733*** 
SIZE -0.0357** -0.0092** -0.1012*** -0.0018* -0.1190* -0.0107* 
PROFIT 0.0497 -0.0050 0.1572** -0.0828 19.6909*** 0.0205* 
GROWTH 0.4838 0.0845 0.8184 0.0017 2.1757*** 0.0522 
RISK -0.0285 -0.0054 -0.0528 0.0024 -0.8618 -0.0813 
Adjusted R2 0.5837 0.5787 0.3483 0.0083 0.2921 0.5017 
N 521 521 521 445 445 445 
Note: the content was the same to Table2. 
5.  Conclusion 
Securities analysts’ pricing forecast for IPOs is the important basis for investors to judge the value of IPOs. 
Different from previous research, this paper focuses on securities analyst pricing forecast, based on the IPOs’ 
data, estimates a simultaneous equations model with securities analysts’ pricing forecast accuracy, dispersion 
of forecast and IPO premium. Through research, come to the following conclusions 
  First, there is a significant negative correlation between securities analysts’ pricing forecast accuracy and 
dispersion. 
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Second, both securities analysts’ pricing forecast accuracy and pricing forecast dispersion are affected by 
following. Overall, the more analysts follow, the higher accurately analysts forecast and there was an inverted 
U relationship between analysts following and pricing forecast dispersion. 
Third, securities analysts’ pricing forecast accuracy and dispersion have a significant impact on IPO 
premium, which proves the effectiveness of securities analysts pricing forecast behavior, and analysts can help 
investors better value IPOs. 
It should be noted that pricing forecast accuracy is influenced by many factors. Based on the PE valuation 
model, Da et al (2008) decomposed the target price and got two important indicators: Earnings Forecast and 
P/E Ratio23. So the influence of IPO earnings forecasts issued by analysts on pricing forecast accuracy also 
cannot be ignored. Last, there were limitations in data availability and index matching in this paper which 
needs further researched and improved since China securities market has not been mature especially China 
GEM was established for a short time and securities analysts’ regulation system is still evolving. 
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